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Date Prediction Trading signal
T Up Buy

T+1 Up Hold

T+2 Down Sell

T+3 Down No action

T+4 Up Buy
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A Payoff Profit
ol1gl= 2=
dael 314 °®  ratio  factor
Logistic 188.47 045 128 1.1
regression
Decision tree 281.71 0.46 1.18 1.04
K-NN 212.64 0.46 1.23 1.09
Random forest 206.57 045 1.25 1.08
Gradient 268.01 046 1.19  1.03
boosting
¥ 3. Up-Down ¥ S &83 23 d3
A Payoff Profit
ol41 gl = ==
e 34 °®  ratio  factor
Logistic 12853 055 1.00 1.25
regression
Decision tree 271.71 048 1.06 1.02
K-NN 277.75 0.47 1.08 1.00
Random forest 220.34 0.51 1.02 1.08
Gradient 203.43 050 1.05  1.09
boosting
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